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Pascual faces the challenge of balancing service quality with operational efficiency
across a nationwide commercial network. Through the analysis of over one million
transactional records, client segments with low/high ticket and efficiency were
identified using segmend-based strategy and K-Means clustering. This approach
was developed to recommend tailored visit reductions, supported by business rules
and an LLM-powered assistant for scalable, explainable deployment. The solution is
projected to generate over €521,000 in annual savings while preserving high-value

client relationships.
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